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MACHINE LEARNING
IN PRIVATE CREDIT

The new modeling frontier driven
(<) by cutting-edge tech

Do. More. with J.P. Morgan Markets.



Private credit analysts are
increasingly employing
machine learning to improve
efficiency, allowing the asset
class to scale at the rate of
demand. The sector was
worth around $3.5 trillion

in 2024, and this figure is
expected to rise still further
In the coming years.

Analysts have historically relied on detailed, manual work
within the private credit sector to spot both opportunities
and risks. This includes reviewing financial statements,
pulling out key figures, and then forming a view on credit
risk, based on both quantitative and qualitative factors.
This could take days, depending on the information they
needed to extract.

1T www.aima.org/compass/insights/private-credit/financing-the-economy-2025.html




Kanav Kalia

Machine learning has
taken on the data grind.

However, with machine learning, it's now possible to identify relevant data

Managing Director at Oxane Partners
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of traders in 2026 saw
MACHINE LEARNING
as having the greatest

influence on the industry.

in a matter of seconds, leaving analysts free to do what they do best:
assess private credit risk and find suitable investment opportunities.

This has allowed private credit to scale
significantly. Kanav Kalia, Managing Director
at Oxane Partners, says:

Private credit has
scaled quickly from a
niche strategy into a core
institutional asset class.

As portfolios have expanded in size and
complexity, the strain has shown up less in
investment judgment and more in the effort
required to assemble clean, decision-ready
information. That is the point at which machine
learning starts to matter.

Traders ranked machine learning as likely to be

the second most influential technology in the industry
over the next three years, according to this year’s
J.P.Morgan Markets e-Trading Survey. This was second
only to generative Al, with 18% of traders seeing
machine learning as having the greatest influence.



Transforming traditional workflows

Data in private credit markets is not delivered in a uniform way,
making it harder for analysts to extract the information they
need. The bespoke nature of each company’s documentation
means analysts must spend time searching for comparable
information, which is far more complex than the relatively
uniform delivery of public market documentation.

This variation makes it harder to apply consistent rules and
methods to data analysis, which is why the expertise of the
analysts in the private credit sector is so vital. But machine
learning creates an opportunity to improve the consistent
presentation of this data.

These are what we call ‘non-standard’
documents. They can be very varied, and
getting the data out of them can be difficult,

says Sarah Gang, Global Head of Underwriting, Credit Financing at J.P. Morgan.

Sarah Gang
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What we're trying to find is a way that credit analysts
can get the information they require to do the actual

< analysis, without needing so many people opening up PDFs
% and spreading numbers, says Gang.
% § % This is where machine learning is playing a big part, as it is most useful
-q% 52% in the ingestion and document intelligence layer—
X 58

extracting data from structured and unstructured sources,
classifying it, standardizing it, and helping validate it before
it enters the analytical workflow, says Kalia.

Kevin Hsu, Chief Executive of Lumonic, part of PitchBook, says that
underwriting and due diligence is one of the biggest areas in which

he has seen machine learning being used. In a survey the company
conducted with around 150 private credit lenders, the adoption of
third-party underwriting technology doubled year-on-year from around
10% to 20%, ¢ ¢ with nearly all of that driven by Al-native tools.
The switching cost is low, so adoption moves fast.

Adoption moves fast because
switching costs are low.

The adoption of THIRD-PARTY 10% ADOPTION 2025
UNDERWRITING TECHNOLOGY

doubled year-on-year for private o
credit lenders. 20% ADOPTION 2026



ALTERNATIVE DATASET USAGE RISES

Alternative datasets are increasingly being used
as sources for information to help private credit
managers look beyond their traditional balance
sheet-style analysis to assess borrower quality,
liquidity resilience, and refinancing risk.

The LexisNexis Risk Solutions 2025 Alternative
Credit Data Impact Report found that 67% of 875
lending professionals across 10 countries had

increased confidence in decisions
supported by alternative data. Three-
quarters of those surveyed say alternative
data has improved portfolio performance,
including earlier risk detection, more
efficient workflows, and identifying more
credit-worthy consumers.

Those responding to the survey reported

using alternative data across areas as wide as
acquisition, underwriting, account management
and collections to reduce exposure. This enables
them to identify risk earlier and reduce exposure.
It also enables more confident decision making
throughout the credit lifecycle. No surveyed
institutions indicated plans to expand reliance
on traditional data alone.

The types of alternative datasets being used
in private credit analysis include resources
such as payment flows, supply chain activity,
receivables performance, and wider sector
signals to determine whether a company is

a good credit risk or not. But including these
elements in underwriting models is not about
faster credit approval. Instead, they help to
identify early deterioration risk across portfolios
that are inherently less liquid and often more
difficult to price.

Vice President, Credit Risk,
LexisNexis Risk Solutions
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Kevin King, Vice President, Credit Risk,
LexisNexis Risk Solutions, says:

Lenders today face unprecedented
complexity in assessing
creditworthiness. What was once
viewed as supplemental is now
essential and central to credit risk
decisioning models. Lenders that fail
to integrate alternative data earlier
in the credit lifecycle risk falling
behind in an increasingly complex
environment. By bringing richer
insights into decision making earlier,
lenders can sharpen risk precision,
improve portfolio performance, and
responsibly expand access to credit
for consumers who have historically
had limited coverage in traditional
credit scores and reports.

2 risk.lexisnexis.com/about-us/press-room/press-release/20260306-global-alternative-credit-data



From hours to seconds:
a transformational time saving

Reducing the time taken for data extraction, which would typically
take around 45 minutes for one company, to just 30 seconds, is
where the biggest time savings can be made.

That’s what we're trying to do, Gang says.

This has important implications for how teams operate, as
analysts will be able to review more data points and respond more
quickly to changes in credit quality, which improves the efficiency
and capacity of the department. But the ambition is to go even
further and apply machine learning to the analytical stage as well.

Gang says:
Al could take all the metrics that need to be analyzed

and run them through a predictive model at the click of
a button.

Hsu adds:

When you can ingest a quarterly reporting package,
normalize the financials, and flag covenant issues
automatically, the analyst’s role fundamentally changes.

The next frontier is not
extraction. It is analysis.



Providing the space for analysts to use their skills in a more
beneficial way with fewer time constraints can only be good for
private credit teams. As machine learning evolves, the predictive
capabilities will become even more powerful.

In a keynote speech, Philip R. Lane, Member of the Executive
Board of the European Central Bank (ECB)?, highlighted the
importance of these changes.

If governed well, Al can strengthen risk assessment,
improve operational resilience, and enhance efficiency.
More granular data and stronger predictive capabilities
can improve credit pricing. Better detection tools can
enhance security and reduce losses. Over time, these
improvements can support a more efficient allocation
of credit and greater risk-bearing capacity. To the
extent that it enables a more efficient allocation of
credit and pricing of risk, it may also stimulate loan
demand. Consistent with this, the dispersion of interest
rates on new term loans has increased over time for
banks reporting stronger Al adoption for credit scoring
relative to other banks, in line with greater information
availability for loan pricing.*
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Member of the Executive Board

of the European Central Bank

3 at ECB-SAFE-RCEA International
Conference on the Climate-Macro-
Finance Interface in Frankfurt on
March 23,2026

4 www.ecb.europa.eu/press/
key/date/2026/html/ecb.
sp260323_1~1e06784a89.en.html

Al can strengthen
risk assessment, improve
operational resilience,
and enhance efficiency.
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Human expertise remains essential

These advances herald an exciting shift in analysis, but human
expertise will continue to play a central role in credit analysis.
Machine learning outputs still require interpretation, and
experienced analysts need to assess whether the results being
generated are accurate.

Credit analysis is still, at its core, a judgment exercise.

Machine learning can process large volumes
of information, but it does not understand context the
way an experienced credit professional does, Kalia says.

Blindly trusting the model to provide the right answers would be
a dangerous game, especially in the early stages. This is why

you need to make sure you always have people who
can spot if it looks wrong, Gang adds.

Any Al outputs must be reviewed, challenged, and traced back
to their source, says Kalia, with clear guardrails around where
automation stops, and human judgment begins.

Butti agrees and says close
collaboration between analysts and
Quant/ML Engineers is essential to
ensure the accuracy of the model.

He adds:

Analysts contribute the
domain expertise required to
shape the model and encode the
features they have observed over
their careers, while both teams
jointly review and challenge the
outputs to iterate and refine the
models over time.



10

Credit analysis is still
a judgment exercise.




Predictive modeling and the probability
of default

Estimating the probability of default is where predictive models can
be especially helpful, as proactive insights support more engaged
risk management. By predicting where there is likely to be either a
covenant breach or a default, risk management is augmented. The

probability of defaultis ¢ ¢ exactly what we're trying to solve,
says Gang.

If you have 100 companies in a
portfolio, Al could give you a probability
of default on each of them.

This signposting points analysts towards where their attention is
most needed, improving efficiency and supporting earlier intervention.
Gang adds:

The analyst is going to start with the names that have the
higher probability of default, and what we always want to do
is predict defaults before they happen.

Predictive models could flag
risk before it escalates.
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Gabriele Butti

Global Head of Credit Quantitative

Research at J.P. Morgan

Trust is the real
adoption challenge.

Accuracy, reliability, and trust

Above all, machine learning models must be consistently accurate for
them to be effective. Without this, they risk creating work rather than
reducing it. Random answers that are inconsistent mean the model
can't be trusted, says Gang.

Yet trust in the model is non-negotiable. As Gabriele Butti, Global Head
of Credit Quantitative Research at J.P. Morgan, says:

Any model needs to
gain the trust and the
confidence of the user.

So, significant effort is required to test,
validate, and refine models before they
can be used at scale, which further
enforces the need for human intervention
to ensure the model is sound.

12



Bad data can flow
all the way through
to bad decisions.

Getting things wrong in private credit analysis can create
serious consequences, especially if an incorrect figure flows
into EBITDA, which then flows into leverage ratios and drives
covenant compliance decisions, says Hsu. This is why firms
must always have full control to stop the Al when it gives the
wrong information.

Confidence and trust in the system are not always enough.
Users also need to know the process itself is controlled in the
right way.

The performance of machine learning models depends
heavily on the volume and quality of data used to train them.

Any model that we build in this space is always
going to be better if it has access to more data and
more high-quality data, Butti says.

Given most data in private credit is usually confidential and
highly sensitive, security becomes a major concern, which
limits the systems available to private credit analysts. This is
why the need to build proprietary systems is paramount.

Gang says:

As good as ChatGPT is, I can’t open up ChatGPT
and put my private stuff into it. We need to make
sure everything is watertight from a legal and
compliance perspective.
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A brave new world

The potential benefits of machine learning in private credit
cannot be underestimated. It will create an environment
where risk assessment can become more accurate, enabling
the private credit sector to expand as analysts develop the
capacity to use their skills in novel ways to explore new and
exciting opportunities.




Trust is a key part

of the human-machine

INteraction.

WHERE NEXT FOR THE
HUMAN-IN-THE-LOOP?

Trust is a key part of the human-machine
interaction. For this to be present there
must be ethical considerations, but also
human explainability—which is not always
as easy as it sounds.

Deep learning algorithms that support Al
systems can become so complex that
even their developers struggle to explain
how decisions are generated. This can
make it difficult for regulators to assess
the model, see how fair it is, and for its
users to trust its decisions.®

Gabriele Butti, Global Head of Credit
Quantitative Research at J.P. Morgan has
an additional caveat, as new groups of
private credit analysts rely more on the
capabilities that Al brings.

5 rpc.cfainstitute.org/research/reports/2025/
explainable-ai-in-finance
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He says:

My concern is not even a
short-term one. Let’s say these
models can be wrong right now.
But fast forward any number of
years—who's going to have the
expertise to recognize a wrong
output? When today we speak
about the human in the loop, we
implicitly assume that the human
has the expertise to spot wrong
outputs. But the human has that
expertise because they created that
in a world before the existence of
this model. Who's going to have
the expertise 15 years from now?

It's clear, therefore, that benefits from
advances in machine learning are
unguestionable, but because of these
considerations there is little chance it
will fully replace human judgment and
expertise. Analysts will need to continue
to provide interpretation, oversight, and
final decision making.
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BENCHMARK YOUR VIEW

Use data, market sentiment,

and industry perspectives
to explore how institutional
thinking is evolving.

Across articles, commentary, and conversations,
we help market professionals step back from
the daily market cycle and build a clearer
understanding of the forces shaping decisions,
behaviors, and opportunities.
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